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ABSTRACT

This study reconceptualizes “agentic artificial intelligence (AI)” in the fashion industry, shifting the focal point from
individual performance metrics to a multidimensional structure of agency. Employing a qualitative case study
methodology, the research analyzes 11 Al-driven fashion services through an analytical framework composed of five
functional dimensions (autonomy, decision-making, problem-solving, interactivity, and planning/execution)mapped
across three operational levels (behavior, structure, and system). Findings indicate that fashion Al does not converge
on a single developmental stage but forms a multilayered ecosystem where agency is selected and expanded based on
strategic goals and service contexts. The services were categorized mto three distinct levels: (1) Conventional Al Agent:
Represented by H&M Chatbot, focusing on behavioral automation and stable rule-based recommendations, (2)
Potentially Agentic Al: Including Alta, AskRalph, Heuritech, MalA, OneOff, and WGSN Fashion Buying, which
expand nto structural decision-making but remain in a transitional phase dependent on human oversight, and (3)
Highly Agentic Al: Comprising Shopify, Gensmo, Daydream, and Stitch Fix, which implement system-level agency by
orchestrating complex “agentic commerce” processes such as multimodal interpretation and multistep execution.
These results demonstrate that Al in fashion is evolving beyond mere assistants toward becoming independent“agentic
actors.” This study provides a diagnostic framework and a phased roadmap —from operational efficiency to

organizational reorganization — to support fashion companies in their strategic Al integration.
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{Table 1> Conceptual Framework of Agenticness: Five Functional Dimensions and Levels of Agency

anctlopal Conceptual Definition Theoretical Foundation Level of Agency
Dimension
The ability of an Al system to initiate and  Russell & Norvig (2010): Behavioral
Autonomy manage tasks independently without Wooldridge & Jennings
. . . Agency
continuous human intervention (1995)
. ) . The. capability to §elect acFlons by Russell & Norvig (2010): Structural
Decision-making integrating contextual information and goal
. ) Sapkota et al. (2025) Agency
conditions beyond predefined rules
Problem-solvin, ro’g;fnscapiigatteo i)ehcl(t)if)lf Osstia?[znifsle};nd Finn & Downie (n.d.): Structural
& b = gIes. Zhang et al. (2025): Agency

revise them based on outcomes

The ability to coordinate actions and
exchange information across multiple agents,

Interactivity
tools, or platforms

Bandi et al. (2025):
Sapkota et al. (2025)

System-level
Agency

The capability to formulate multi-step plans
toward long-term goals and adapt them
through execution feedback

Planning &
Execution

Google(2024) : Stryker
(n.d.): Zhang et al. (2025)

System-level
Agency
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{Table 2> A Comparative Analysis of Agentic Characteristics in Fashion Industry Al Cases

Servi .
Case Model Type ervice Official URL
Category
Alta Virtual closet + Al styling assistant Consumer altadaily.com/
apps.apple.com/us/app/ralp
Ask Ralph Conversational Al styling assistant Consumer  h-lauren-luxury-shopping/
id1590610314
Daydream Conversational shopping assistant Consumer daydream.ing/
Gensmo Personalized shopping + virtual try-on platform Consumer gensmo.com/
Heuritech Trend forecasting & image analytics platform B2B heuritech.com/
2.hm. / /
H&M Chatbot Rule-based digital stylist chatbot Consumer ' oLCOMEN_US
customer-service.html
. . . Internal .
MalA(LVMH) Internal generative-Al assistant for enterprise tasks . maia.lvmh.com/
(enterprise)
OneOff Creator/celebrity-style recommendation engine Consumer oneoff.world/
. . . C / .
Shopify Al commerce orchestration engine onsurner shopify.com/kr
Merchant

stitchfix.com/

Stitch Fix Al-assisted personal styling & demand forecasting  Consumer .
personal-stylists
WGSN Eashlon Trend analytics & buying decision support tool B2B Wgsn.C(')m/en/'
Buying wgsn-fashion-buying
olE T & dAfs A AP Al AlElE Martin & Gong, 2025).
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V. AF 2M AFH 23 A29 ge, BEE 454982 5
8 33 Aol AAHe $ANE ARH £
1M A 24 9 Agd AgYo2 4™ 4 ArHOBrien,
2025: Wu Martin & Gong, 2025).
D Alta T2 A9 ANEY SHAAE A8 u
Alta= 2025 97 71F 30 wE @A & ololEl, MF BAT oA g wes =9
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TS Jou, H3 MEE FHAHCE 6t
A A Ade Feske 2A9 oarad
Txo HE A= AAHA Feth

A2E AR A g SHAME AREA
7F AgskE Aol mat AFE 25k v d
FeAE Fx2E Zev uvt 33 A7 AR
Apoke] A71A 4SO rA SEEHAWY
Al2E Aol A AgAHoR ZAFHAE ¥t
A - A3 AdolMe A &Y - Fd AF
g - FH AANE oA = @A gAY AL
ZAlzel FHFeoh ol A7 Hx AAey
ghE Aol mE A e VsEte 5744
Q7o Sete A A A Fx THhE
Ao R sMEtt

9) Shopify

Shopify= FA#d ZHF Fi& HxE Al
2EO| L EE (storefront) A AAFATE o
A2 2EZEE Model Context Protocol
(MCP) AW 9 =249 7122 I (global catalog) &
@@‘5}04 AL Al do|AET AE A . F

A EE ANbE LAZEdHA & F UE

% Adsl= 22 AAHUH Boboev, 2025).
Z224¥ g2+ HEEY ¥ LLMS 7|dte
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TE ALY AR SHAME WUE dF
oA FEE otoldE AFoE AAdY, 7}

Al 24 5 vasie] A29 A2 A
Ag ol #H AW Axdol AgHE B
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g ofoldl H7E vlolH, EJE S FHst
S dF 72 7FsAs 28d AREE d5
gtk ol ©< A 7Nk FA S dol, 1AEHE
Az e 48t F4 didte AXMstes 4
A A F2E BT w4 A Al
Me Al 7IE 2 45 AlEdolds B 4
o 7he) AluE L& Atste Hdh 1270 ©] %9
ZHzL FRE dFde FXRE edsta Ao
(Vogue Business, 2024a). ©]28]3 o|& Axe &
g AE AT e At 2 B THEA,
IATE A 7Hs e BYske dl 28En, o
T FAE dol AL #gst BAE A% FYS
Adete 54 A A Vs e® sdEh
Azd Ao Aedd AdeM e AEd
MZ(style shuffle)' 2t 22 Alelo]aA ol =
& g8ste] 1Ao] ofold S HrtEES fri-s)
A, ols T 2Ae mAE HEF wstet
‘barbiecoret ‘quiet luxury’ 72> wlolAE Ed

CE AAzZEe g ¥ A (Vogue Business, 2024a).
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cw 222 g4sel 3 AW wEHoR
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oM we FH Fael IRA R, % -
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3 ek 4F 718 el R e o
98 pRE Azl BRHOR 4] BxE A
AL DS A HOE Adsts B
e, Q7 RS AdSE wEE gy A
AR olajet Aol ergait

11) WGSN Fashion Buying

229 94 EIE oF 71# WGSN2 FH
WGSN Fashion Buying Z#ES& S Al 7|
o] "oy FA oAAA Ad FFE FHFIA
ULk o] ZPEZ L WGSNY 71E EdE B4 A
s EWE, AA AN Trend Curve AIE
A ez &8st AHo] dolE, &4 v

ol AE, olANZ % AHY dolEE FFHL
BA5T, BEAES) Fug A% F5HE £A

4 A9 2z

HatE goly A2l Fdl

S CERA EE 2

A A1 ETH(Vogue Business, 2024c).
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WA S AEe
= Pz AgEn, AF 222 A -
SHE 235 A 44Y A2HoRs}
L

B7l& o/ HH(WGSN, 2024b).

o
=
Al
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Ei
E wAIZ9 o3 Shopifyyt Gensmo®} 7
FIEstE Aol AdFHeZ Yeldts A

Al (Shopify, Gensmo, Daydream, Stitch Fix)+
TZ A AAR A A Al Bl =
om, 53 Alx® zpge] Aol S Ho
AREARS T o ARES QAXEH o]t
545 zZterh ZAF deldy Al AbEl(Alta,
Ask Ralph, Heuritech, MalA, OneOff, WGSN)+

54 7ls(d: EAE £4, 2gd FH)AM=

{Table 3> Level-Based Coding Matrix and Classification of Agenticness across 11 Fashion Industry Al Cases

Case Autonomy D;:EZZ PSr;bVI iilrjgl_ Interactivity  Planning Level

Alta A A A [ ) A Potential Agentic Al
Ask Ralph A A A A - Potential Agentic Al
Daydream A [ ) [ ) [ ) A Highly Agentic Al
Gensmo A [ ) [ ) o [ ) Highly Agentic Al
Heuritech A A A - - Potential Agentic Al

H&M Chatbot - - - A - Conventional Al
MalA(LVMH) A A A A A Potential Agentic Al
OneOff A - - - - Potential Agentic Al
Shopify o o o [ ) o Highly Agentic Al
Stitch Fix A [ ) o [ ) A Highly Agentic Al
WGSN Fashion Buying A A A A - Potential Agentic Al

Note. The symbols in this table represent the structural level of agenticness within each functional dimension, rather
than the intensity or performance of those functions. @ = High-level(System-level Agency); A = Mid-level

(Structural Agency): -

=Low-level(Behavioral Agency)
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oA BAAG 14 27 Ae EeE wE
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(execution) 9 <
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o] N2® 30 AL FA st wet 1
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o] Mg EUE B d4s 34 Y9
AV} AEZ Al do]HE(H&M Chatbot), FA4
olo] 8 AI(Alta, Ask Ralph, Heuritech, MalA,
OneOff, WGSN Fashion Buying), 45 dlo]d
g AI(Shopify, Gensmo, Daydream, Stitch Fix)
2 g5 NEFH F2E AASAT AHEIES

dg b Aol F3EA] 4N, ME OE F

oA Aol FAl FEdE tEA AH
PAAsIE dem, ol AlY Aol s
7 A=, doly <l
Heto]] wet Aot P FR7 A

Zg, Mul A
924 - $HEE YL BaF,
AEH Al olo]dE Al ‘H&M Chatbot’&

FE 7 FHE FA0E FyE AL A o

e A4 FdsH, A doldy AIR #
F¥ Alta, Ask Ralph, Heuritech, MalA(LVMH),
OneOff, WGSN Fashion Buying' A& 9&
719 As T X Ao A4S st
Aot A2 AL HA Ex APde &Y
i A A 2]

@ geolth ol WA Y Ale] @
I

29| H3Flo] Ol == QB4
71% A 7he] #38 Lo BRAHOoE ZLHE
BAEE EUE Fe AAET

S, ZgF Al AHIE A% “Shopify

Gensmo, Daydream, Stitch Fix'& =
af|A], EetA Absl 37} Wbz gTe die] ohgh

A AR 728 FFFOEA ALY A9 49
He $EHOR 7L Uk 58 Shopify ]

‘agentic storefronts W} Gensmo®] ‘one checkout’
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N S AVF B AR AFE dol A 4 vasA 2IIAE RATE PAE AU E
ARE SALEH o HstE FAE HAstety e g Al 71€2 W mE £52 st gl
< BEYFEY ovr B AFE olE oA A AT A AA olF TAHE AEE AL
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